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一、论文写作

1. 如何进入本领域

工具：(快速上手写代码的能力)
• 熟练使用Python工具

数据处理能力，基础算法
sklearn,numpy,
tf, pytroch, keras，
dynet, tensor2tensor, fastAI, allenNLP, chainer ...

• 其他：Linux，c++, java, CS basis.



一、论文写作

1. 如何进入本领域

内容上，掌握本领域的整体研究框架

• models, 在相关数据上跑过现有的demo， 有大致的原理理解:

machine learning models
分类模型，序列标注模型，主题模型
图模型（graph）
span prediction
transition

机器学习模型周边
统计模型的本质
数据理解，划分
对统计&分布的理解

deep learning models
MLP, RecurrentNN, RecursiveNN, CNN,
seq2seq
many Gans, 
reinforcement learning
Autoencoder: VAE
CapsuleNet
Transformer衍生



一、论文写作

1. 如何进入本领域

内容上，掌握本领域的整体研究框架

• 以NLP tasks为例

 分类：短文本分类，文档分类，情感分析

 抽取：XX细粒度分析，NER，CWG，关系抽取，事件抽取，

SRL，AMR

 底层：dependency parsing, CFG, lexicon, semantic, 篇章

 异步many-to-many: 翻译、阅读理解、自动文摘、seq2SQL

 others: transfer learning, multi-task, RL, multi-lingual, 

 many new to come...

Domain adaptation
Entity linking
Information extraction
Named entity recognition
Part-of-speech tagging
story ending generation
peotry generation
text summarization
Word sense disambiguation
Relation prediction
Relationship extraction
Chinese word segmentation
punctuation，顿句
双关语检测
成语检测
第一人称检测
通顺度检测
幽默检测
隐喻检测 Metaphor detection
讽刺检测
word composition
Coreference resolution
Grammatical error correction
Simplification
Stance detection
Taxonomy learning
Temporal processing
paraphrase
sequence transduction (机器翻译，问答，文摘等等)
Stance analysis
Query auto-completion 
行为链、事件链分析
Automatic essay scoring (AES) 
Generating Classical Chinese Poems
Text normalization 
Discourse segmentation
Entity Typing
sentiment modification
句子排序text-to-SQL 
Hierarchical text classification



一、论文写作

1. 如何进入本领域

内容上，掌握本领域的整体研究框架

• 懂算法的原理以及周边相关

• 马尔科夫性

• 语言模型

• 反向传播中，loss是怎么影响参数学习的？

• 当提到数据分布时，到底在提什么？

• Logits 

• Upper-bounds Inference

• Inductive Bias

• Exposure Bias



一、论文写作

Please notes：

• Learning by doing

• 体系学习，掌握本领域的整体研究框架

• 上面提到的模型，都是基本的，基础的，他们是不能直接拿去发文章的！

• 学术论文发表：需要理论上的创新度。



一、论文写作

2.阅读本领域论文和查新

本领域论文检索方式

• official：

google scholar, bing, baidu scholar, 
glgoo, scihub
dblp,
Arxiv，
ACL-antholody
…

• Other source：

知乎blog, 52NLP
公众号：新智元，量子位，专知…
…



一、论文写作

2.阅读本领域论文

怎么读论文

• 第一遍: 
标题，abstract，introduction，读一遍，是不是感兴趣的，大概做了个啥？

• 第二遍：
模型是啥，看插图，
跑的啥任务
数据集是啥

• 第三遍
methodology in details.
contribution，motivation，innovation？
为什么能中？



一、论文写作

2.阅读本领域论文

读论文，到底在读什么？

• 方法查新，

• 任务与数据集

• 创新点

• 本任务或者方法是否以及被人做过了

• 论文写法，行文风格，论文结构，

• 工作的构思，细节出奇制胜



一、论文写作

3.创作流程

 Step1. 
先确定工作内容，是否idea已经被做过了

构思好：实验任务，大致模型方法，数据集，以及验证实验

想清楚：contribution，motivation，innovation

 Step2. 
码代码，跑分

记录数据

写初稿

增加实验设置

 Step3. 
完整稿子

打磨语言表达

检查漏洞

重复以上



一、论文写作

4. 论文结构

 Abstract

 Introduction

 Related Work

 Framework

 Experiment (settings, results, analysis)

 Conclusion

 Reference























推荐写作流程：



二、投稿

1.期刊&会议

会议（CCF）

• ACL系列：ACL，EMNLP，NAACL,  CoNLL, (+coling)

• AAAI, IJCAI， ECAI :

• 国内：NLPCC，CCL

• ！ICML, NIPS, ICLR: hardcore

• ！SIGIR, SIGKD, ...

• others:

BIBM

WWW

…

瞄准A类的目标去做



二、投稿

1.期刊&会议

期刊

• SCI系列
相对容易些。

 Neurocomputing
 Information science
 Knowledge base system

• CCF系列
IEEE trans系列的期刊难度也是存在的，业内也是认可的。

 Neural networks
 TNNLS
 TPAMI
 TSLP
 TASLP
 JAIR

但千万别投 IEEE Access

周期长



二、投稿

2.论文投稿是一场心理战

• 一场4个人的战争，或许是一场心理战

你 Vs. 三个reviewer

reviewer心理：一个人手上有几篇paper，为啥要给你的打高分？

• 运气（不可控因素）非常重要：

70%-80%的实力硬货，20%-30%的运气。

不同的投稿会议，给的意见差异很大。

保持平常心（佛性）很重要，做好自己可以把握的，剩下的也不用过多忧患。



二、投稿

ACL系列：

============================================================================
REVIEWER #1

============================================================================

What is this paper about, and what contributions does it make?
---------------------------------------------------------------------------
---------------------------------------------------------------------------
What strengths does this paper have?
---------------------------------------------------------------------------
---------------------------------------------------------------------------
What weaknesses does this paper have?
---------------------------------------------------------------------------
---------------------------------------------------------------------------
Reviewer's Scores
---------------------------------------------------------------------------

Overall Recommendation: 3

Questions for the Author(s)
---------------------------------------------------------------------------
---------------------------------------------------------------------------
Presentation Improvements
---------------------------------------------------------------------------
---------------------------------------------------------------------------

Reasons to reject
• The model is not defined properly. The authors says this is "a novel Markov decision 

process" (L114), but as far as I read the paper, the model shown in the paper is not a 
Markov decision process. {\bf s}t, the state of the time step t defined in Section 3.1.1, does 
not depend on the previous action a{t-1}. All the states {{\bf s}1, ..., {\bf s}n} can be 
calculated without any action a_t. If the authors believe this is a Markov decision process 
which needs Reinforcement Learning to solve, the reason should be explained.

• The details of the proposed method is not clear. The function f(x)=x+0.01/x (L319) was 
used in the reward function, but its rationale is not clear. I wonder if the constant value 
0.01 works across any task, and it will be better at least to show experimental results 
obtained by changing the value. The reward function in Equation (5) uses the value N 
which is explained in the footnote, but it is said "an accumulated threshold is set based on 
the specific dataset". The experimental setting is unclear and it is hard to reproduce the 
experiments.

• The performance of the proposed model is low. In Table 5, the seq2seq model with DRGA 
has the BLEU score of 25.6 for WMT14 English-German. However, it is known that the 
widely used Transformer model achieves 28.4 (Vaswani et al, 2017). It is better to run 
experiments using baseline systems which are not weak.

• It is not evaluated and is unclear if the proposed model improves the attention. In Section 
1, the low quality of the existing attention mechanism is mentioned (L079-082), but it is not 
shown if the proposed method improves the attention quality. Some examples of the 
obtained attentions are shown in Table 6 and 7. However, seeing a few successful results 
is not useful for knowing how many attentions were improved and worsened. In NMT, 
word alignment accuracy as well as BLEU has been calculated in studies to improve the 
attention (e.g., Mi et al.: Supervised Attentions for Neural Machine Translation; Liu et al.: 
Neural Machine Translation with Supervised Attention). It will be better to evaluate with 
such measures.

• Mathematical expressions are not precise.
o (L251) This is not the dot production since \alpha_t is a scalar.
o (L239-242) D_h, D_{h*} and D_{h^s} are equal, and the same symbol should be 

used for avoiding confusion.
o (L274) s_i -> s_t
o (L296) \alpha* -> {\bf \alpha}*
o (L358, 359) {\bf w}i -> {{\bf w}i}_{i=1}^n, {\bf h}i -> {{\bf h}i}_{i=1}^n



二、投稿

other：



二、投稿

2. my point of view

• 工作量一定要充分！

**动机，要自圆其说。

***方法论模型硬货

*细节非常丰富

***实验非常充分，baseline充分查新，各个方面角度都得到验证

*没有低级错误（书写，数字错误，引用格式），防止被抓小辫子



二、投稿

2. my point of view

• 想上论文，最好得跟上state-of-the-art,

比如，别人的baseline加上了elmo, bert，验证了效果，则有新的突破点



二、投稿

2. my point of view

• 快2020年了，早已过了上上新模型就能发顶会系列的时期了，岂能随便在现有的模型上小修小

改跑个任务就完事？

想要搞定reviewer的胃口，硬货部分要充分明显。

理论创新充分！模型改进明显；引入了新的linguistic上的理论点，等等。

总归一点：一定要让人感到眼前一亮。



二、投稿

2. my point of view

• 提升代码实现能力

随意复现、修改、实现模型结构

LSTM cell level modification

…



二、投稿

2. my point of view

• 选一个对的方向/任务, 也非常关键！

简单分类，简单入门任务？No！

烂大街任务：情感分析，关系抽取

…



二、投稿

2. my point of view

• 一定要刷论文集，整套整套地。

比如 ACL、EMNLP、AAAI 2020论文集。

查新

思考别人为什么会中。



QA
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